Why Does Al Love Writing About
Lighthouse Keepers?

Originally published at https://www.unite.ai/why-does-ai-love-writing-about-lighthouse-keepers/

Asked to ‘write a story’, ChatGPT and other leading language models appear to be avoiding copyright infringement by obsessive
recourse to the same small and strange cast of lighthouse-keepers, fishermen and clockmakers.

A new study from Cornell University has found that leading language models seem to have a strange obsession with a very narrow
selection of narrative elements, when you ask the model to simply ‘write a story’. After prompting four LLMs to write 20,000 stories, they
found that 88% of the stories produced featured at least one of 11 very specific tokens, in the category of focation’, ‘name’, or
‘profession’:
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5200 Mara 3.9
2428 Elias 2.7
{12240 Elara 0
1495 Keeper 7.2
161 Baker 20.8
198 Mayor 28.5
108 Clockmaker 0.1
62 Fisherman 4.2
68 Librarian 53
96 Conductor 5.0

The occurrences of unlikely keywords, represented here in parts per million, obtained by the
researchers’ analysis of 20,000 LLM-generated stories. Source

The 11 most re-occurring words in the 12+ million words generated by LLMs for the study were the names elias, mara, elara; the
professions keeper, baker, mayor, clockmaker, fisherman, librarian, and conductor; and the location lighthouse:

The models tested were Claude Haiku 4.5, Gemini 3.1 Flash-Lite, GPT-5.4-Mini, and OLMo 7b Thinking. All were prompted with one of
five requests: ‘Write a story’; ‘Please write a story’; ‘Write me a story’; ‘Tell me a story’; or ‘Please tell a story’.
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Curious to see if the syndrome the paper identifies is present in models available at the time of writing, | tried out the experiment myself,
first on my customary medium-tier ChatGPT account (link to conversation here). No cherry-picking was necessary — ChatGPT-5.5 went
straight for the material the researchers predicted, on the first try:

write a story

The lighthouse had no deor.

That was the first thing Elias noticed when the fog lifted enough for the island to appear. The tower rose
directly from black rock, pale and seamless, with no visible entrance, no windows below the lantern room,
and no path leading upward. Waves struck the cliff beneath it with a noise like distant applause.

The boatman refused to go closer.

“People climb in somehow,” Elias said.

“People climb out,” the boatman replied. "Sometimes.”

Then he pushed the suitcase onto the wet stones and backed away without waiting for payment.

Inside the suitcase were twelve notebooks, a flashlight, three pencils, canned food, and a letter from the
Institute.

You have been selected due to your resistance to recursive narrative fixation.
Elias had read the sentence thirty times during the crossing and still did not understand it.

The fog thickened behind him. The boat vanished.

For an hour he circled the lighthouse searching for an entrance. Nothing. The stone felt smooth as glass.

ChatGPT-5.5 immediately backs up the paper’s initial findings. Source

Wondering if historic context, or even possible cross-domain leakage might be accounting for this ‘instant hit’, | logged into a free
ChatGPT account | have not used in a year or more, in a Firefox private browsing window, and tried again (link to conversation here).
Once again (assuming that OpenAl does not use a common IP address to cross-populate different accounts), ChatGPT hit it out of the
park:

write a story

The lighthouse had been abandoned for thirty-one years, yet every night at exactly 2:17 a.m., its beam swept
once across the sea.

No one in the village of Blackwater could explain it.

Children dared each other to climb the cliffs and peek through the broken windows. Fishermen crossed
themselves when their boats drifted too close to the rocks below. Tourists came with cameras and left with
stories they swore were true.

But Mira didn't believe in ghosts.
She believed in electricity, rust, and people who lied.

That was why, on the coldest night of October, she climbed the cliff path alone with a flashlight between her
teeth and a backpack full of tools rattling against her spine.

The lighthouse rose from the fog like the skeleton of something ancient. White paint peeled from its sides in
strips that fluttered in the wind. The iron door hung half open.

Mira stepped inside.
The smell hit her first—salt, mildew, and something faintly metallic underneath.

Blood, she thought automatically.

ChatGPT account #2 follows the same obsessions and tiny playbook of names and themes outlined in the new paper. ‘Mira’ is in the
authors’top 20. Source

It's worth noting that these GPT versions were a grade up from the 5.4 tested for the paper.

Though Claude Haiku was tested for the paper, | tried Anthropic’s default Sonnet 4.6, and was not disappointed. Once again, the familiar
keywords came at the first try (link to conversation here):


https://chatgpt.com/share/6a16b1f0-eb40-83eb-8380-1d5cdf0ea955
https://chatgpt.com/share/6a16b1f0-eb40-83eb-8380-1d5cdf0ea955
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https://claude.ai/share/7728f86c-9ea8-499c-8360-10097ca4a0e1

write me a story

‘What kind of story would you like?

Anything

Here's a short story for you.

The Last Lighthouse Keeper
The storm had been going for three days when Mara found the old man.

She hadn't meant to stop at the lighthouse. Her car had simply given up on the coastal road,
asifit, too, had grown tired of pretending it could handle the weather. She'd knocked on the
lighthouse door more out of desperation than hope.

He opened it before her knuckles finished falling. As if he'd been waiting.
"I saw your headlights," he said. "Come in before the sea does."

His name was Edmund, and he'd been keeping the lighthouse for forty-one years, long after
it had been decommissioned, long after the maritime board had sent their letters, long after
his wife had packed her bags and said she wasn't built for | i Hemadeteaona

This time ‘Mara’, another stalwart from the ‘top 11°, leads the story, in the first attempt on Claude Sonnet 4.6. Source
Trying the same prompt on Claude Haiku 4.5 led to pretty much the same result.

| was unable to reproduce the authors’ findings at Google Gemini at first, until | specifically changed the model to the one used in the
paper, Gemini 3.1 Flash-Lite — and then, on that third try (but first with that model), the pattern emerged immediately (link here):

4 Upgrade

write a story

The lighthouse at Skellig Reach did not guide ships; it guarded the silence.

Elias had been the keeper for forty years, long enough to know the rhythm of the tides better than
the beat of his own heart. The stone tower stood on a jagged spire of rock, miles from the nearest
mainland port. Here, the wind didn't just blow—it spoke in long, low whistles, telling stories of
shipwrecks and forgotten sailors.

One Tuesday, just as the sun dipped into the Atlantic like a hot coal hitting water, the light flickered.

It wasn't a mechanical failure. Elias knew the gears of the great rotating lens; he cleaned them with
the devotion of a monk. The light had dimmed, almost as if the air around it had grown thick and
opaque. Then, there was a knock.

Not at the iron door downstairs—there was no boat, and the tide was far too high for any man to
stand on the rocks—but at the glass casing of the lantern room, sixty feet above the crashing surf.

Elias turned, his lantern trembling in his hand. Floating just outside the reinforced glass was a woman.
She wore a coat that shimmered like oil on water, and her hair drifted upward as if she were
underwater, though the air was clear. She wasn't swimming: she was suspended, her eyes fixed not
on Elias, but on the massive brass clockwork mechanism behind him.

Google Gemini 3.1 Flash-Lite. Source

Further experiments with different Gemini models invariably turned up the lighthouse theme, though with variants not featured in the ‘top
11’, such as the name ‘Thomas’, and, in another variant, my own name, as the protagonist.

Nonetheless, at the time of writing, the paper’s findings are extremely easy to prove.

Lighthouses in the Wild

Great minds think alike: a week ago, prior to the publication of the new paper, software writer Daniel May pointed out the coincidence of
the Elias and Lighthouse keeper trope extracted by the researchers®, apparently having noticed it at random. He went on to test eight
variants of Gemini, DeepSeek, Qwen and Gemma, which he found would produce the lighthouse memes and ‘Elias Thorne’ as a
protagonist*. However, this initial discovery did not extend to the wider range of persistent content themes outlined in the new paper.

Curious to see if these recurrent themes, names and locations had ever escaped the confines of a chat, | searched for some of the top
11 keywords and themes on Google, and found a remarkable number of posts that seem to have channeled them:
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Three examples of the meme in output. See below for source links.

May had identified the longer Elias Thorne (rather than just ‘Elias’) as a persistent LLM meme, and posted various screenshots from
Amazon , where this name has apparently been used as the title for the author/s of diverse books, including medical
books.

Instead, | sought and found content that appeared to have invoked the persistent themes from an LLM, including an X post of a story

(archive version here); a fictional work (archive version here); and a story with narration on YouTube (archived here). There was a great
deal more to traverse, but time did not permit it.

A Taste for the Past

So much for casual observation and serendipity. While no single ‘magic document’ in training data has yet turned up that features all or
most of the persistences, the authors of the new paper (titled Elias in the Lighthouse, Again? Diagnosing Low Diversity in LLM Stories,
from two researchers at Cornell University) theorize that copyright filters in Al developments may be restricting fictional output in LLMs to
material that is out of copyright.

The authors state:

‘We find that the dominance of “Elias in the Lighthouse” stories cannot be explained by prevalence in pre- or post-training data.
We speculate that models are trained to avoid references to copyrighted characters and adult content during alignment but defer
this question to future work.’

Category Token Ours Lit Pre non-fiction Pre fiction Post non-fiction Post fiction
Name elias 2,428 27 22 4.0 0.4 52.7
Name mara 5,200 39 25 8.7 0.4 21.7
Name elara 1,221 0.0 04 1.2 0.9 108

Profession keeper 1,495 72 6.3 14.7 3.5 10.0
Profession baker 161 20 1.8 10.56 1.7 11.9
Profession mayor 198 28 115 16.1 1.4 27.4
Profession clockmaker 108 0.1 0.18 0.0 0.3 1.4
Profession fisherman 62 42 3.0 7.6 0.0 9.3
Profession librarian 68 53 76 5.9 2.3 11.5
Profession conductor 96 50 59 5.7 4.7 7.5
Location lighthouse 3,005 55 35 4.6 4.6 10.1

Comparison table showing how often recurring words from Al-generated stories appeared across published literature, web fiction
and post-training datasets, with terms such as ‘Elias’ and ‘lighthouse’ occurring far more frequently in chatbot-written fiction.

In the study, the authors found that the emphasized 11 words occur in 88% of the 20,000 stories generated, and that there is ‘little
difference between models’. They stress that these words are uncommon in published English literature, and that post-training data
(data designed to condition and align models into ‘acceptable’ usage) could well be responsible.

The paper states:


https://x.com/MohiniWealth/status/2043015053180592356
https://web.archive.org/web/20260411171520/https:/twitter.com/MohiniWealth/status/2043015053180592356
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https://archive.is/vHqwK
https://arxiv.org/pdf/2605.26492
https://www.unite.ai/were-not-aligning-ais-anymore-were-aligning-civilizations/

‘A typical example shown [below] highlights three elements common across nearly all 20,000 stories: a location (19,864 stories), a
character name (19,864 stories), and a profession (15,807 stories).

‘In fact, the specific location (“lighthouse”), name (“Elias”), and profession (“keeper”) in this story appear in some combination
across 66.6% of all generated stories. Light is likewise a common theme: 56% of stories generated by Claude are titled “The
Lighthouse Keeper’s Secret” and the word “light” appears in 16,784 stories at an average rate of 3.2 instances per story.’

The lighthouse at the edge of the world did not
guide ships; it signaled to the stars.

Elias had been the keeper for forty years. He
was a man composed of salt, solitude, and the
rhythmic ticking of gears. The lighthouse was
a towering spire of obsidian, carved directly
into a jagged needle of rock that rose from a
sea so still it looked like polished slate.

Every night, Elias climbed the two hundred
and twelve steps to the lantern room. He didn’t
use oil or electricity. Instead, he tended to a
sphere of captured nebula — a swirling, violet
bruise of light that pulsed in time with his own
heartbeat. ..

This example, the paper states, was written by Google Gemini 3.1 Flash-Lite, in
response to the prompt ‘Write a story’.

It's worth noting that the authors of the study identify a nostalgic or atavistic trend across all the derived keywords and names.

Chasing the Traits

To test whether the repeated ‘lighthouse’ stories can be explained by ordinary exposure to fiction, comparisons were made between the
models’ favorite recurring words and several large English-language corpora. Contemporary fiction was examined through CONLIT, a
dataset containing 2,700 English novels published between 2007 and 2021, covering 12 genres and totaling roughly 287 million words.

‘Elias’ appeared around 900 times more often in the generated stories than in published fiction. Amateur fiction from Reddit’'s
/riwritingprompts community produced similar frequencies, indicating that the pattern does not reflect broader human storytelling habits
either.

The same pattern held when pre-training data was examined. Using the openly available OLMo 3 corpus, which contains roughly 3.89
billion primarily human-written documents drawn partly from Common Crawl, the researchers found that the recurring ‘Core’ words
barely appeared at all.

Since much of the OLMo 3 corpus is non-fiction, a fiction classifier was built using GPT-OSS 20b annotations and a FastText model
trained on 200,000 balanced samples. Even after filtering specifically for fictional material, words such as ‘Elara’ still appeared at
negligible rates compared to the Al-generated stories. Why, therefore, do they dominate at the lowest level of the imperative for an LLM
to write fiction?

The authors state:

‘If Core words are not common in web data, then one remaining source would be post-training data. But we find that OLMo’s post-
training data exhibits our tokens at a lower rate than CONLIT.

Within 78,958 stories from OLMo 3’s post-training datasets, they note, ‘Elias’ appeared 52.7 times per million words, compared to 2.7 in
CONLIT, but reached 2,428 occurrences per million words in the generated stories examined in the study.

To identify where the recurring ‘Core’ stories were coming from, each story in OLMo 3’s post-training data was scored for the presence of
one or more Core tokens (i.e., for the presence of Elara, Mara, etc.). Most were expected to appear in supervised fine-tuning (SFT)
datasets, because WildChat and related sources contributed 59,266 stories to OLMo 3.

However, only 1,803 contained Core terms, while datasets used for DPO and reinforcement learning showed higher concentrations.

Overall, the recurring Core vocabulary was traced to just 3,053 stories, representing 3.8% of all post-training stories examined. There is
no statistical possibility for such a small subset of corpora to end up dominating it in the way demonstrated.

The paper concludes:


https://openhumanitiesdata.metajnl.com/articles/10.5334/johd.88
https://allenai.org/blog/olmo3
https://www.unite.ai/web-scraped-ai-datasets-and-privacy-why-commonpool-deserves-a-look/
https://huggingface.co/openai/gpt-oss-20b
https://fasttext.cc/docs/en/supervised-tutorial.html
https://wildchat.allen.ai/
https://developers.openai.com/cookbook/examples/fine_tuning_direct_preference_optimization_guide
https://www.unite.ai/what-is-reinforcement-learning/

‘When given little direction, current frontier models write stories using a narrow catalog of names, places, and occupations.
Recurring characters in these stories include Elias, a lighthouse keeper. Elias is unusual; the name is uncommon in literature, web
data, and even post-training data.’

Conclusion

In the absence of any single work of literature (or even a series) that features the top 11 words which the authors identify, it is not at all
clear by what means this particular collection of words has accreted and self-associated into the very lowest levels of multiple large
language models (notwithstanding their diversity of training data and approaches).

Even if the researchers’ contention about the constraining effect of copyright filters is correct, a veritable ocean of classic literature in the
training data should have prevented this strange collection of old-school words from dominating the output of a non-qualified ‘write’
prompt.

That theory assumes, however, that vast amounts of classic literature would have been included in the training regimen at all. That's
unlikely, since what's wanted are not models that will knock out faux Dickens outings, but rather that deal with the modern lexicon, and
are suited for current business needs. The sheer volume even of pre-industrial literature would preclude its inclusion.

In any case, if there were one distinct narrative featuring some alternating mix of the ‘obsessive’ facets that the authors note, it would,
presumably, be easier to find; the authors themselves could not find it, and casual searches on the pre-Al era unearth no such
contender. Perhaps, if ‘lighthouse syndrome’ gains the same notoriety as Al em dashes, some scholarly authority will come forward with
the answer.

* | can’t go any further into May’s article, for reasons that may become obvious when one reads it.
First published Wednesday, May 27, 2026. Modified in first 30 minutes to fix Anthropic link.

Writer on machine learning, domain specialist in human image synthesis. Former head of research content at Metaphysic.ai, until its
dissolution into DNEG's Brahma.ai.
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